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Abstract: Pulmonary diseases have a significant impact on human health and life safety, and abnormalities in the lungs are a direct
response to lung diseases. The study of lung sounds is of great significance in clinical diagnosis. With the continuous development of
electronic auscultation technology, the feature extraction and classification techniques of modern lung sounds have also been further
studied. At present, the research of lung sound classification is to combine signal analysis with deep learning algorithm to improve
the practical application of auxiliary electronic stethoscope. This paperaims to elaborate on the concept of lung sounds, analyze the

current development status of lung sound classification, and discuss the shortcomings of lung sound classification technology. The

goal is to an outlook on future research directions and application development trends in the field of lung sound classification.
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